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Motivation

Most causal variables that we reason over, in both science and

everyday life, are coarse abstractions of low-level data.
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Related work:
Causal Feature Learning

®* Aggregates micro variables by
defining equivalence classes
(macro variables) to which they are
mapped.

® Macro variables are discrete and
not interpretable.
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Since the correct macro variables are the digit identities, a
metric of DeepCFL’s performance is how well the different
classes of digits are clustered
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